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Image segmentation based on improved Chan-Vese model
YANG Ming-yu

(Key Laboratory of Airborne Optical Imaging and Measurement, Changchun Institute of Optics,
Fine Mechanics and Physics, Chinese Academy of Science, Changchun 130033, China)

Abstract: Most methods based on level set do not have the stop criterion based on the global mini-
mum, instead they employ the iteration number as stop criterion. This paper proposes an improved
Chan-Vese model, by adding a constrained term, making the functional converge to global minimum,
and presents the stop criterion based on global minimum, without setting iteration number in advance.
Experimental results show that the proposed model can segment images correctly under the new stop
criterion. Compared with the Chan-Vese model, it has a faster convergence, 3~6 times faster than
Chan-Vese model, and is of good general use.
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